This paper describes an algorithm which can determine a neighborhood of the global optimum of an objective function as well as an estimate of the global optimum.
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where x. is the jth component of x.
At this point we limit our considerations to the one dimensional case, i.e., we assume that x is a scalar. Now consider the global optimization methods proposed by Kushner [ 
A NEW APPROACH TO ONE-DIMENSIONAL GLOBAL OPTIMIZATION
We now develop a new probabilistic approach to the one-dimensional global optimization problem which is faster than Zilinskas' method and more reliable than Kushner's method. 
DEFINITION AND MINIMIZATION OF THE AUXILIARY FUNCTION We obtain the auxiliary function of the n-dimensional vector x by generalizing expressions (11) and (12). Towards this end note that the <r(x) component of w(x) in one dimension is
characterize an a priori selected canonical simplex with the origin at s* . Observe that for any scalar k > 0, a matrix S = kS (A3) also corresponds to a certain canonical simplex.
We wish to transform the simplex P into the canonical simplex S whose volume is the same ; P, so that
detS = detP (A4)
Let the square matrix T correspond to the transformation of P into the known simplex S The distance between the solution x° from x R is less than a radius R, although, for (n>2) it may be outside the simplex S again. The procedure described in Section 4.3 is then recommended. It should be noted that if J=l then & = m and 7 1 =T-
